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Abstract

Voter registration is a basic component of political participation. How voter registration

policies shape the electorate, especially in developing democracies, remains an important and

unexplored question. We conduct an experiment in Kenya to explore constraints to participa-

tion in the voter registration process. We assigned 1,674 polling stations to six treatments to

learn about three constraints to voter registration. We varied canvassing activities to inform

citizens about voter registration, SMS messages to remind citizens to register, and localization

of registration opportunities to decrease registration costs. Canvassing and SMS reminders had

little or no impact, while reducing costs had strong, positive impacts on registration rates. The

results suggest that easing logistical barriers to registration could substantially reduce political

inequalities due to access, particularly among younger and poorer voters. Moreover, the results

suggest that informational interventions have limited impact in the absence of interventions

that reduce the costs of participation. Word Count: 9526
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1 Introduction

Political inequalities pervade developing democracies. Existing work in African politics research

examines political inequalities as a function of ethnicity, and for good reason. Ethnicity remains

the cleavage along which political lines are drawn, and is central in everything from distributive

politics to vote choice (Posner 2007; Barkan 1975; Horowitz 1985; Carlson 2017; Bratton, Mattes, and

Gyimah-Boadi 2005; Eifert, Miguel, and Posner 2010). This structural focus contrasts with research

in developed countries on how specific practices and policies related to election administration

shape political inequality by mediating the material, informational and behavioral constraints

citizens face (McNulty, Dowling, and Ariotti 2009; Brady and McNulty 2009; Burden et al. 2014;

Holbein and Hillygus 2016). In this paper, we examine how voter registration policies affect which

citizens register to vote in Kenya. Relative to higher income contexts, constraints to political

participation in Kenya are particularly acute, and the electoral commission and its policies play

an important role in mediating those constraints. We designed a field experiment in Kenya to

address constraints to voter registration. The experiment provides leverage on three important

questions. First, what policy is most effective in overcoming barriers to voter registration? Second,

how does the context in which a policy is implemented moderate the policy’s effect? Third, how

do voter registration policies shape the composition of new registrants? Given the importance of

election commissions in African contexts, understanding how voter registration policies affect the

inclusiveness and composition of the voter register should be of central importance to scholars of

African politics and electoral administration.

In Africa, electoral commissions are often the only body legally allowed to carry out voter

registration and education.1 This contrasts with voter registration in the United States and France,

where NGOs and citizen groups participate in voter registration.2 Electoral commissions in Africa

thus play a substantially different and more central in the voter registration process than in more

1Out of thirty-five countries for which we were able to discern the legal provisions for voter registration, only one
(Algeria) empowered a body other than the electoral commission to register voters.

2For instance, in Braconnier, Dormagen, and Pons (2017), experimental registration visits were carried out by
“students, NGO members, and party activists” in France (p. 4). Nickerson (2015) worked with a “local nonpartisan
organization” in the United States (p. 93).
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commonly-studied in Western contexts. Our experiment provides one illustration of how status

quo voter registration policies may inadvertently shape which citizens have the opportunity to

participate in politics. While existing research examines electoral commission reform (Elklit 1999;

Gelb and Diofasi 2016) and popular perceptions of commission legitimacy (Kerr 2013; Erlich and

Kerr 2016), little research in African contexts examines how the administrative choices that electoral

commissions make affect voter registration.3

In contrast to African contexts, a deep evidence base on constraints to political participation

exists in Western contexts. This research suggests that knowledge-based and material factors

constrain political participation. Knowledge-based interventions take on two types. First, a

literature on informational interventions finds that providing citizens with substantive information

increases turnout (e.g., Green and Gerber 2015, chap. 12; Gerber and Green 2000). The few studies

on voter registration provide mixed results (e.g., Bennion and Nickerson 2011; Nickerson 2015).

For both turnout and registration outcomes, how a citizen is contacted (e.g. via text message or

in person) may relate to the sign and magnitude of the effect. The second is the “behavioral

nudge” literature, which finds that factors like reminders (e.g. Dale and Strauss 2009) and social

pressure (e.g., Gerber and Larimer 2017; Rogers et al. 2017) appear to increase voter turnout. These

approaches draw on the behavioral economics literature examining how to improve investment in

costly or infrequent decisions like saving for the future (Sussman and Alter 2012). Finally, distance

to a polling place constitutes a central material constraint across a variety of contexts, with longer

distances related to lower rates of participation (Dyck and Gimpel 2005; Stein and Vonnahme 2008;

McNulty, Dowling, and Ariotti 2009; Brady and McNulty 2009; Bhatti 2012). Most germane to our

study is Braconnier, Dormagen, and Pons (2017), who describe the results of a large-scale voter

registration experiment in France. Their findings show that decreasing registration costs led to a

significant increase in registration beyond that due to information provision.

To understand the effects of material, behavioral, and informational constraints to voter

registration, we designed a field experiment with the Independent Electoral and Boundaries

Commission (IEBC) in Kenya. Fieldwork in 2015 and 2016 examined voter registration policies at

3See De Kadt (2017) for one important exception.
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IEBC field offices, identifying common constraints and potential improvements. The experiment

randomized 1,674 polling stations across seven counties into control and five treatment groups

during November and December 2016. Control polling stations continued with the status quo,

where citizens in the local community had to travel to a constituency election office to register

to vote and received no additional information from the IEBC. Treated polling stations were

visited by an IEBC employee with mobile voter registration equipment (thus reducing the costs of

registration for citizens living near the polling station), visited by IEBC canvassers with information

on registration, and/or sent mobile phone reminders on registration opportunities. The factorial

experimental design enables estimation of combinations of treatments, and blocking allows efficient

estimation of subgroup effects. Administrative voter registration records were used to monitor the

effects of these interventions on the size and composition of registration uptake.

We find that reducing voter registration costs via the localization of registration yields large

improvements in voter registration relative to in-person canvassing or SMS-delivered reminders.

The effects of localization are magnified when accompanied with canvassing or SMS, though

information and SMS alone has little benefit. Next, we show that barriers to electoral participation

have important implications for political inequalities. Our results suggest that the interventions

shape the composition of new registrants, functioning differently across blocks and different

demographic subgroups. We find that localization effects are strongest to citizens living in poorer

and more population sparse areas. Furthermore, the intervention benefits especially younger

citizens and males.

Our study contributes to the literature on electoral participation and administration in five

important ways. First, we examine voter registration, an important but often overlooked process in

African politics. A bevy of research examines vote choice in African politics (Bratton, Mattes, and

Gyimah-Boadi 2005; Horowitz and Long 2016; Wantchekon 2003; Conroy-Krutz 2013; Weghorst

and Lindberg 2013); considerably fewer studies examine voter registration as an outcome distinct

from vote choice.4

4Most prominent is Ichino and Schündeln (2012), examining how election observers displace irregular registrations in
Ghana.
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Second, our research examines the effects of changing electoral commission policies on voter

registration. Existing research on voter registration occurred in countries where citizen groups

and political parties are allowed to register citizens independently of the electoral commission.

While simplifies randomization, allowing independent groups to register voters is also relatively

uncommon, raising questions about the generalizability of such findings. By working directly with

the body charged with voter registration, our study speaks directly to questions of how policy

choice affects citizen access to the electoral process.

Third, our inferences rest on experimental allocation of treatment to units, rather than ex post

analysis of observational data (e.g., Finkel and Smith 2011; Finkel, Horowitz, and Rojo-Mendoza

2012). This allows us to answer causal questions with minimal statistical assumptions. This study

is among the first to estimate the effect of knowledge-based and material constraints to voter

registration, and the first such study to do so in the developing world. Our work allows direct

comparison of material and knowledge-based constraints and their interaction in one experiment.

Fourth, we designed our experiment to learn about the political inequalities related to barriers

to voter registration. That is, our design allows us to make inferences about the interventions’

effectiveness in different geographic and socio-economic contexts. We do so by blocking on local

poverty rates, population density, and distance from the closest registration opportunity (Moore

2012).5 Poverty plays a central role in understanding a wide variety of social phenomena like

violence (Sen 2008), corruption (Justesen and Bjørnskov 2014), and clientelism (Robinson and

Verdier 2013). Little research examines how poverty shapes basic elements of democratization like

voter registration. If material constraints bind in Western contexts (e.g., Nickerson 2015; Braconnier,

Dormagen, and Pons 2017), then such constraints should be particularly acute in contexts like

Kenya with higher poverty rates, fewer resources for electoral administration, and challenging

geography (Herbst 2000). Blocking allows us to efficiently estimate treatment effects across contexts.

Finally, by using administrative records as our outcome data, we investigate the effect of

the interventions on the age and gender composition of the electorate. To our knowledge, no

5Nickerson (2015) and John, Macdonald, and Sanders (2015) also incorporate design elements to examine the effects
of registration interventions by socio-economic status.
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existing research examines this issue in the developing world.6 This is surprising given that a

number of studies suggest that efforts to increase electoral participation may widen disparities

in participation (Enos, Fowler, and Vavreck 2014).7 Finally, understanding whether increasing

registration information and access differentially mobilizes women contributes to a burgeoning

research agenda on gender and political participation (Barnes and Burchard 2013; Clayton 2015).

In the next section, we detail the context in which the experiment takes place the experimental

design. Section 3 presents the results of the experiment, focusing on the overall results, block-

specific results, and results by gender and age. Section 4 concludes.

2 Experimental Setting and Design

2.1 Voter Registration in Kenya

Since the introduction of multiparty democracy in 1992, voter turnout in Kenya has increased from

68% (1992) to 86% (2013). During the same period, the percentage of voting age citizens registered

to vote stagnated at 76%8 in 1992 and 77%9 in 2017. Given population growth, this means that

approximately a quarter of citizens do not register to vote.10

The Independent Electoral and Boundaries Commission (IEBC) inherited its voter registration

policies from the previous commissions.11 Registration requires that citizens present a national

identification document and provide biometric information. The commission carries out an annual

6This contrasts with a robust literature in the United States examining how laws and policies governing voter
registration affect the composition of the electorate and voter turnout (e.g. Hershey 2009; Atkeson et al. 2010; Burden et
al. 2014; Holbein and Hillygus 2016).

7Cepaluni and Hidalgo (2016) shows how compulsary voting in Brazil had increased the turnout of the middle- and
upper-class voters disproportionately.

8See IREC (2008), appendix 3A, p. 3.
9Calculated from data provided in IEBC (2017a). Note that this estimate is based on the number of identification

cards issued by 2017, which thus inflates the actual regiatration rate.
10The target population of our interventions are voting age individuals who remained unregistered for the 2017

General Elections. The IEBC started a fresh register (e.g., disposed of the previous register used in the 2010 referendum
and began registration anew) on November 19, 2012, prior to the 2013 General Elections (IEBC 2017b). Individuals
unregistered since that date and the beginning of the interventions on November 16, 2016 are in the target population.

11In 1997, administration of elections was moved from the Office of the Attorney General to the Electoral Commission of
Kenya (ECK). After the 2007 General Elections, the ECK was replaced by the Interim Independent Electoral Commission.
The IEBC was established in 2011.
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“mass voter registration” (MVR) each year. While MVR brings registration “closer to the people,”

the process is often haphazard in its coverage and publicity, and regularly fails to meet internal

registration goals (IEBC 2017c). Additionally, citizens can register to vote at any time during the year

at the local constituency election office. This “continuous voter registration” (CVR) has historically

registered few voters (IREC 2008, appendix 3A). Currently, CVR requires citizens to travel from

their residence to the constituency election office to register, creating a cost to registration. This cost

may create barriers to registration, especially for poorer citizens or those living in remote areas.

Since 2013, the IEBC has also emphasized engagement with female and young voters.12

Poverty, distance to constituency registration offices, and low population densities work to

prevent both outreach by the electoral commission, as well as uptake of the registration opportunity

by citizens. From the perspective of local electoral commission employees, a lack of transportation

funding used to access more distant polling stations during CVR stymied localization of registration

efforts as well as dissemination of information about registration opportunities (IED 2007, xii; FIDA

2013). From the citizen’s perspective, traveling to register entails a transportation cost, effectively

barring citizens unable to meet that cost from registering (IED 2007, xv). Sparse population density

exacerbates informational problems faced by both the electoral commission in disseminating

information about voter registration, as well as citizens in reaching their local polling station when

registration is made available locally (IED 2002). In addition, IEBC officials and prior commissions

note that many voters wait until the very end of registration efforts to register (IREC 2008, annex 3a;

IEBC 2017c). Akerlof (1991) describes this kind of behavior in terms of procrastination, consonant

with analysts’ descriptions of Kenyan citizens (IREC 2008, appendix 3A, p. 28.; IEBC 2017c).13

While Kenyan civil society organizations and independent commisions have long recognized

the disenfranchising effects of these constraints, no policy changes by previous electoral commis-

sions sought to address these problems. In the following subsections, we detail the interventions

tested and experimental design features.

12For instance, see “IEBC campaign to target young voters.” Geoffrey Mosoku for The Standard. Online. Accessed 22
June 2017. See NDI (2013) on the 2013 elections.

13Braconnier, Dormagen, and Pons (2017) note similar dynamics in France (p. 6), as do Bennion and Nickerson (2011)
in the United States.

7



2.2 Experimental Design

This study takes place in seven Kenyan counties. These counties were selected to provide variation

in poverty, distance, and population density, as well as to meet political constraints of the electoral

commission. As a result, two of the counties had supported the government in 2013 (Nyandarua,

Kericho); three had supported the opposition (Kwale, Kisumu, Makueni); and two were not clearly

aligned with either (Bungoma, Nyamira). In total, they are served by 3,828 polling stations, of

which 1,674 were included in the study. Summary information for each county is presented in

Table 1.

Table 1: County Information
County Bungoma Kericho Kisumu Kwale Makueni Nyamira Nyandarua

Total # of Polling Stations 806 530 528 415 866 333 350
# of Sampled Stations 252 252 252 252 252 162 252
Sample as % of Total 31 48 48 61 29 49 72

Poverty 0.46 0.44 0.46 0.52 0.43 0.38 0.27
Distance 17.25 18.31 20.68 27.98 27.03 13.62 18.99

Population Density (x1000) 0.73 0.50 0.84 0.28 0.27 0.92 0.31

The IEBC implemented the interventions between 14 November 2016 and 23 December 2016.

To overcome material constraints, Localization aimed to decrease material constraints to registration.

Selected polling stations were visited for two days by one IEBC staff with portable voter registration

equipment. Citizens in the community surrounding the polling station were able to register on the

spot. In addition, two interventions were implemented to overcome knowledge-based constraints.

First, as part of Canvassing, two IEBC staff visited the community surrounding the polling station for

two days and provided information on how to register to vote, the location of the nearest registration

opportunity, and answers to citizens’ questions. To maximize external validity, the IEBC used its

standard training and implementation protocol for canvassing by IEBC field staff. Thus, while we

as researchers did not control the specific contact modality (e.g., assigning a particular script and

directing IEBC staff to a given number of households), the canvassing intervention was identical to

existing IEBC protocols.14 Second, given issues related to citizens’ procrastination and following

14In the absence of mapped and numbered residences, a more structured canvassing protocol would have been
logistically impossible not to mention unnatural in its departure from standard IEBC procedures. Our field monitors
related that the canvassing usually involved one-on-one household-level discussions that lasted around ten minutes. If
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the work of Pop-Eleches et al. (2011) and Karlan et al. (2016), we used SMS reminders to increase

registration. Given high level of cellphone reception and ownership in Kenya, we send reminders

via SMS.15 Specifically, as part of the SMS intervention, the IEBC sent mass mobile phone alerts

to those already registered at a selected polling station. The message, which clearly identified the

IEBC as the sender, asked citizens to encourage their unregistered friends and family to register,

adding an element of social pressure. Two SMS messages per person were sent over a two-day

period. In total, the IEBC sent almost 300,000 reminders via SMS.16

To learn about the causal impact of these interventions we randomly assigned polling stations

to treatments (details can be found in Appendix A). Four points related to the randomization

are noteworthy. First, our sampling strategy was designed to minimize the chances of spillovers.

We randomly selected 252 polling stations in each county, ensuring that no two treated polling

stations fell within 1.5 kilometers of each other.17 Moreover, the IEBC did not publicly announce

the schedule of polling station treatments, so individuals could not anticipate future treatments

and adjust their registration-related behavior.18

Second, we assigned polling stations following a two-by-three factorial design as illustrated in

Table 2, allowing us to understand the effects of combinations of interventions. Polling stations

assigned to the localization and canvassing interventions received both the same two days. In

polling stations assigned to the localization and the SMS interventions, the SMS intervention was

delivered at 6pm the evening before the localization intervention.19

the opportunity arose, discussions with groups of people lasted from ten to thirty minutes, depending on the number of
questions raised. In general, the IEBC instructed staff to canvass from 9:00 a.m. to 5:00 p.m., working outward from the
polling station into the local community.

15Information from the nationally representative, the Afrobarometer survey conducted in 2016 in Kenya indicates that
98% of enumeration areas have cellphone coverage, and 85% of respondents personally own a mobile phone.

16Citizens are not required to provide a phone number upon registering to vote. Of the 338,988 previously registered
voters in the sampled polling stations, 147,277 (43%) of records listed phone number, of which 143,704 (42% of all records)
were valid and included in the bulk SMS intervention.

17Due to Nyamira County’s high population density, we sampled 162 polling stations, in order to maintain the distance
buffer.

18Six (0.35%) of the sampled polling stations did not exist in 2013. For all analyses of counts, we include these polling
stations in our analyses. For those analyses dividing counts by 2013 registered voters, we exclude these polling station,
as there were no registered voters in those polling stations in 2013.

19In polling stations assigned to the localization and canvassing interventions, citizens were told when and where
the electoral commission will be present for registration. In canvassing-only communities, citizens were provided with
the standard information and directions to the constituency election office. In polling stations assigned to localization
and SMS, the text message contained customized information on when and where the electoral commission will visit
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Table 2: Polling stations by treatment status
Canvassing SMS No knowledge intervention

Localization 279 279 279
No Localization 279 279 279

Third, we randomized treatments to polling stations within blocks. Figure 6 (in appendix)

visualizes the relationship between poverty, distance, and population density in our sample of

polling stations. Within counties, we create blocks of six polling stations that are similar based

on poverty, distance from the registration office, and population density (Moore 2012). Blocking

improves balance across treatments. Moreover, it improves the precision of our causal estimates,

allowing efficient estimation of block-specific treatment effects (Duflo, Glennerster, and Kremer

2008).

We randomly assigned treatment dates and IEBC staff to the polling stations within wards,

which is the administrative unit below the constituency and the level at which the IEBC deploys

staff. We randomly assigned treatment dates to each polling station within a six week window

(Monday, Tuesday, Wednesday, Thursday are possible starting days). We randomly assign the staff

within a ward to the treatments. We thus ensure that the results are neither driven by the timing

nor the implementor of the intervention.

Ethical concerns are inherent in any field experimental design. Given that we worked directly

with the electoral commission, potential registrants were unaware that the registration opportunity,

canvassing, or SMS was part of an experiment. Rather, it was viewed as part of the operations of

the IEBC. Given that the IEBC is the only legally mandated body to carry out voter registration,

this was the only possible way to carry out the research. Moreover, this approach ensured that

respondents would respond normally to the intervention. In our project, the risks to individuals

were extremely low, while relative to the status quo, citizens were provided with knowledge, a

chance to register to vote, or both. The likelihood that the registration experiment could affect

to register citizens. In SMS-only communities, the text message reminded citizens that they can register to vote at the
constituency office any time. Specifically, they are the following two messages: “Thank you for registering as a voter.
IEBC will visit polling station [. . . ] tomorrow to register voters. Please spread this message.”; “Thanks for being a
registered voter! Those unregistered can register at IEBC office - (town/village). Please spread this message.”
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an actual election outcome was extremely low. In addition, the aggregate political preferences of

counties in the experiment included diverse parts of the country showing both government and

opposition support. New York University Abu Dhabi’s Institutional Review Board reviewed and

approved the project.

2.3 Data

The data used in this study come from administrative voter registration records. The IEBC provided

registration records from all polling stations in the study. We focus on the period starting from

14 November 2016, the onset of the interventions, to 6 January 2017, ten days after the last day

of the interventions. We add these ten days because the interventions, particulary those that do

not involve localization, may lead to increased voter registration after they are implemented. In

total, we have information on approximately 9,450 successful registrations. The registration records

include data on birth year, gender, and the polling station where the individual wishes to vote in

the 2017 elections. An overview of project data can be found in Appendix B.

2.4 Empirical Strategy

We compare registration counts for polling station days across treatments, which provides unbiased

estimates of the average treatment effect (Rubin 1974).20 In total, excluding weekends, we have

66,690 polling station days across the six treatments. Our pre-registered specification is:

yit = α + β1Canvassingit + β2SMSit + β3Localit + β4Localit × Canvassingit

+ β5Localit × SMSit + ψb + γi + φw + εit

(1)

where yit is the total number of voters registered at polling station i on day t. Local, Canvassing

and SMS are dummy variables and equal to one if polling station i received the respective treatment

on day t, and zero otherwise. ψb is a block fixed effect; γi is a polling station fixed effect; φw is a

20Tables 4 and 5 in the appendix show that the six groups look similar on pre-treatment covariates.
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vector indicating the day of the week in order to account for weekly cyclical patterns that might

affect registration, such as market days; εit is an error term that we cluster at the polling station

level.

To aid in the interpretation of the results, we ideally would like to compare the number of

newly registered voters to the voting age eligible population in the catchment area of each polling

station. Doing so, however, is difficult for three reasons. First, Kenya does not have an established

system of residency numbering that assigns individual houses or plots to specific polling stations,

making the delineation of a “catchment area” practically impossible. Second, citizens are not legally

bound to register at the polling station closest to their residence, though evidence suggests that

citizens do register at the closest polling station (IED 2002; IED 2007). Finally, registration requires

a national identification document, which some Kenyans do not possess.21 In response, in our

analyses below use the number of registered voters in 2013 as an imperfect proxy for the voting

eligible population. Furthermore, our blocking strategy includes population density by design, and

our results are robust to the inclusion of population density as a control variable.

Were the interventions actually implemented? Project documents filled out by IEBC staff

report that all 1,674 polling stations, except the control communities, were visited. Independent

monitors hired by the research team visited approximately 10 percent of polling stations in the

localization, canvassing, or localization plus canvassing treatment conditions. Monitors visited

polling stations unannounced and reported any oversights in staff deployment to the research team.

We find that in less than three percent of cases the implementation dates and types differ from

those assigned by the research team. Analyses use the assigned treatment dates. Note that any

disconnect between assigned and actual treatment date would lead to conservative estimates.

21Given our randomization strategy, this should not affect our findings, since the unobserved voting age population
and population without identification documents should be balanced across units.
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3 Results

We present our results in two parts. First, we explore the differential impact of the interventions

on voter registration rates. Second, we examine how the interventions affect the inclusiveness

and composition of the voter register, by level of poverty, distance from registration office and

population density, as well as by the age and gender of registrants.

3.1 Impact on Voter Registration

What constraints bind for electoral participation in Kenya? Table 3 presents the interventions’ effect

on voter registration. Columns 1 to 3 provide results where the dependent variable is the raw

count of individuals registered. Column 1 presents results from simply regressing the dependent

variable on the five treatment conditions. Column 2 presents results from the pre-registered model

specification (equation 1), where we include block, polling station and day fixed effects. Column 3

runs the same regression but we add control variables for poverty, distance from the registration

office, and population density. To aid in the interpretation of the results, columns 4 to 6 present

results when the outcome is measured as a percentage of registered voters at a polling station in

2013.22

Between 14 November 2016 and 6 January 2017, polling station days assigned to the status quo

condition experienced few individuals that registered to vote: an average of 0.044 individuals per

polling station per day. An average polling station had 541 registrants in 2013. In total, of the 60,377

polling station days assigned to the status quo condition, only 1,358 (2.3%) experienced nonzero

registrations. These low numbers are consistent with previous assessments of voter registration

activity during the continuous voter registration periods (IREC 2008). Given that the results in Table

3 are very similar across specifications, the remainder of this paper will focus on the pre-registered

specifications (columns 2 and 5).

Column 2 shows that providing information about why and where to register increases

22Note that the sample size in columns 4 to 6 decreases because six sampled polling stations did not yet exist in 2013
and thus were missing data on the number of registered voters.
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Table 3: Impact of Interventions on Voter Registration

Registration Counts Reg. Counts over Registered Voters

(1) (2) (3) (4) (5) (6)

Canvassing effect 0.052 0.060 0.052 0.0002 0.0003 0.0002
(0.018) (0.018) (0.019) (0.0001) (0.0001) (0.0001)

SMS effect 0.0005 −0.003 −0.001 −0.00001 −0.00002 −0.00002
(0.008) (0.010) (0.010) (0.00002) (0.00003) (0.00003)

Localization effect 3.148 3.141 3.145 0.010 0.010 0.010
(0.301) (0.305) (0.298) (0.002) (0.002) (0.002)

Localization+Canvassing effect 3.603 3.599 3.600 0.011 0.011 0.011
(0.263) (0.266) (0.260) (0.001) (0.001) (0.001)

Localization+SMS effect 4.675 4.670 4.671 0.014 0.014 0.014
(0.387) (0.391) (0.384) (0.002) (0.002) (0.002)

Status quo average 0.044 0.044 0.044 1e-04 1e-04 1e-04
Block FE No Yes Yes No Yes Yes
Polling Station FE No Yes Yes No Yes Yes
Day FE No Yes Yes No Yes Yes
Controls No No Yes No No Yes
Pre-registered No Yes No No Yes No
Observations 66,960 66,960 66,960 66,720 66,720 66,720
R2 0.219 0.251 0.229 0.128 0.166 0.139

Note: Clustered, robust standard errors in parentheses. For Localization, Localization+Canvassing and
Localization+SMS, treatment are the two days at which the intervention took place. For Canvassing-only and
SMS-only, treatment are those two days at which the intervention took place plus the ten following days. The
remaining days plus polling station days assigned to the control areas, are status quo.
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registration rates. In areas where the IEBC undertook canvassing, registration rates are higher than

control areas. Canvassing increases the number of registered voters from 0.044 to 0.104: an increase

of 0.06 individuals per polling station per day. This result is statistically significant (p<0.01), though

substantively small. Column 5 shows that the status quo condition registers an extra 0.01% of 2013

registered voters per polling station day. Canvassing increases this marginally to 0.04%. We find

that there is no difference between control units and those receiving SMS only.

The results in Column 2 present strong support for the conjecture that material factors are

the main barrier to registration. In polling station days that received the localization intervention,

registration rates increased from 0.044 to 3.185 individuals, an increase of 3.141. The difference is

statistically significant (p<0.01). Column 5 shows that the localization condition registers an extra

1.01% of 2013 registered voters per polling station day, a substantially large increase.

Effects are particularly strong when localization is combined canvassing or SMS. Polling

stations receiving localization and canvassing saw an average increase of 3.6 voters per day. The

difference in registration rates between these polling station days and those assigned to localization-

only is statistically significant (p<0.01).23 Adding canvassing to localization efforts increases the

number of individuals registered by 0.458 over localization alone, an 0.1% increase in terms of 2013

registered voters.

Combining localization with SMS reminders generated the largest increase. Units assigned to

localization and SMS experience an average increase of 4.67 new registrants (p<0.01). Adding SMS

messaging to localization efforts increases the number of registrants by 1.529; or from 1% to 1.4% as

a share of those registered in 2013.24 This result, along with the null result on SMS alone, suggests

that people do not respond to a nudge if the costs remain high. However, individuals do respond

when these costs have significantly decreased (in this case, due to localization).

In the appendix, we undertake a battery of robustness tests. First, the temporal span of localiza-

tion and the other treatments may vary. While localization is likely to be effective only on treatment

23Result based on the same regression as 3’s column 2 but with localization as the baseline.
24The difference in registration rates between these areas and localization plus canvassing areas is statistically

significant (p<0.01).
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days, information from canvassers or via SMS may motivate action days after treatment. Our

primary pre-registered outcome (used in Table 3) defines the interventions involving localization

as those two days at which the registration kit was in the field. In contrast, the canvassing and SMS

only treatments are coded as having a ten day “tail” after the two day initial intervention. In the

appendix, we present several sets of additional analyses with different temporal windows, finding

substantively similar results in each.25

Second, we collapse the temporal element of our data, examining the effect of the interventions

for each polling station, summed across the entire study period.26 While not pre-registered, this

approach has two advantages. First, it avoids the specification of the temporal window of the

treatment. Second, this approach addresses a potential violation of the stable unit treatment value

assumption (SUTVA). When defining the unit as the polling station day, it may be the case that

treatment on day t at polling station i may affect registration on day t + 1 at that polling station, a

temporal spillover that would violate SUTVA and threaten our inferences. Table 10 in the appendix

presents these results, which are similar to those in Table 3. As expected, the substantive effects are

approximately twice those in the polling station day analysis, given that the analysis aggregates

across the two day interventions.27

3.2 Impact on Voter Registration by Block

Barriers to electoral participation are likely to constrain different groups of citizens differently. We

now explore how the interventions shape the composition of new registrants. In this subsection,

we do so by examining how the interventions work across different types of communities by block.

The previous results are average treatment effects for the whole sample, but mask variation

25In Appendix Table 6, we redefine the treatment period as the two days intervention plus the ten subsequent days for
all treatments. Although the point estimates decrease (which we would expect, given the preponderance of zeros in
non-intervention days) we obtain substantively similar results. We also reproduce Tables 3 and 6 but define the treatment
based on a five day span, with similar results.

26The equation is: yi = α + β1Canvassingi + β2SMSi + β3Locali + β4Locali × Canvassingi + β5Locali × SMSi + ψb +
εi. This equation is identical to equation 1, except that it is aggregated to the polling station level, which requires
dropping the weekday indicator variables and the polling station fixed effect.

27In Appendix Table 9, we provide an additional robustness check using a specification that accounts for our unequal
probability sample, with substantively similar results.
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in treatment effects across blocks. For example, localization may be particularly effective in poor,

distant or sparsely populated areas. In Kenya, there is much geographical variation in barriers to

voter registration; see Figure 6 in the appendix for an illustration. By randomizing within blocks,

we can efficiently estimate treatment effects block-specific treatment effects, and compare these

estimates across blocks.

Figure 1 presents the impact of localization for different quantiles of poverty, distance to

registration office and population density. We focus on localization for parsimony and because the

results for the combined interventions follow a very similar pattern across quantiles. Tables 11 to

13 in the appendix present the results for all interventions in tabular form. We make use of the

regression specification as used in column 2 of Table 3. Practically, for each factor, we calculated

the average level for each block, and then subset the blocks into ten equally sized groups based on

these block-level means. Moving to the right in Figure 1 relates to poorer, more distant, and more

sparse areas.28

We highlight two results. First, we find that the confidence intervals are bounded away from

zero in all ten panels. Localization thus has a positive impact across the board. Second, there is a

discernable pattern related to poverty. That is, when more than 44% of people are below the poverty

line (panel 6 and onwards), localization is consistently more effective the poorer the block. In panel

6, where 44% of the population lives below the poverty line, polling station days assigned to the

localization-only treatment experience 2.19 more citizens registering, compared to control areas.

In panel 10, where 62% of the population lives below the poverty line, the effect of localization

almost quadruples to 7.34 newly registered individuals per polling station per day. The variation in

treatment effects by poverty is particularly pronounced when considering initial conditions. Table

11 in the appendix shows that poverty is an important factor explaining the number of individuals

registered in 2013. Those polling stations in poorer areas have many fewer people registered. Table

14 (appendix) reproduces the results where the outcome is measured as a percentage of registered

28Poverty is defined as the share of people below the poverty line at that polling station. Average level of poverty
for each panel (fltr): 25%; 31%; 36%; 39%; 42%; 44%; 46%; 48%; 52%; 62%. Distance is defined as a polling station’s
distance from registration office for each panel in kilometer (fltr): 5km; 8km; 11km; 14km; 16km; 19km; 22km; 27km;
34km; 53km. Population density is defined as the number of people per square kilometer (fltr): 7.1km2, 3.3km2, 2.6km2,
2.2km2, 1.7km2, 1.4km2, 1.12km2, 0.8km2, 0.3km2. See also Tables 11 to 13.
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Figure 1: Localization Effect by Block Quantiles
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Note: Results of Table 3’s column 2 by block quantiles. Localization intervention only. Bars indicate
95% confidence intervals. Moving from left to right panels relates to poorer, more distant, and

more sparse areas.

voters at a polling station in 2013. Localization led to an increase of 0.4% of 2013 registered voters

per polling station day for the richest quintile, jumping to 3.0% for the poorest quantile.

The center bars in Figure 1 present the effects of the localization intervention by distance to

the registration office. Moving to the right, we observe the effect of localization in increasingly

isolated areas. First, the confidence intervals are again bounded away from zero in all ten panels.

Second, we find that the effect of localization in the least isolated areas (polling stations on average

5 kilometers away from the nearest registration opportunity) is 1.96 additional registrations per

polling station day, compared to the status quo. The effect is twice as large (3.92) for the most

isolated polling stations, those located on average 53 kilometers from the nearest registration office

(p<0.1).29

Finally, the right bars in Figure 1 present the results by different quantiles of population density,

where the panels to the right are characterized by lower population densities. The first panel reports

29Result based on a two-sample t-test, comparing the number of registrations in panel 1 and panel 10 in areas where
the localization intervention took place.
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the effects of localization in the most population areas, with an average of 7.1 individuals per

square kilometers. The effects of localization in these areas is an increase of 1.49 newly registered

individuals per polling station day. In areas with on average only 0.3 individuals per square

kilometers (panel 10), the effect of localization is 6.71 newly registered individuals, an increase

by a factor of 4.5 (p<0.01). Table 13 (appendix) shows that while an average of 910 individuals

are registered per polling station in the most population dense quantile, this decreases to only

295 individuals for the least population dense quantile. Table 16 shows that decreasing the cost

to registration leads to an increase of 0.2% of 2013 registered voters per polling station day for

the most population dense quintile. This magnitude increases to 3.0% for the most population

sparse quantile. As with poverty, the cross-block patterns persist even when accounting for past

registrations.

3.3 Impact on the Composition of Registered Votes

In this section, we investigate how the interventions affect different demographic groups.30 Bra-

connier, Dormagen, and Pons (2017), for example, find that in France the costs to registration

disenfranchises the young, the uneducated, and immigrants – those citizens who are also more

likely to face economic and social exclusion. The registration data provided by the IEBC allows us

to explore how the interventions shape the composition of the electorate across gender and age.

Figure 2 presents the results, where we again make use of the regression specification as used in

column 2 of Table 3. The same results in tabular format can be found in Table 17 in the appendix.

We first explore results by gender in the two left panels. In Kenya, there is no strong substantive

differences in registration rates between men and women. The average polling station in our study

area had 269 women and 270 men registered in 2013 (Table 17). This similarity by gender is reflected

in the number of newly registered men and women in polling station days assigned to the the status

quo condition. During the study period, an average of 0.020 women and 0.024 men registered to

vote per polling station per day.

30We do not examine questions of ethnic composition, since the counties in which the interventions were implemented
are ethnically homogeneous.
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Moving to the impact of the interventions, Figure 2 shows that neither gender responded to

receiving an SMS reminder alone. In areas where the IEBC undertook canvassing activities, on the

other hand, more women and men registered to vote. Compared to the status quo, polling station

days assigned to canvassing activities saw 0.028 more women and 0.031 more men registering.

Thus although the confidence intervals are bounded away from zero, the magnitudes and difference

by gender are small. Similary, when the outcome is measured as a percentage of registered voters

at a polling station in 2013, we find that the effects are also no longer statistically significant (Table

18 in the appendix).

In contrast, Figure 2 shows that localization leads to a considerable difference by gender in the

number of registrations. Decreasing the distance to the nearest registration opportunity attracted

more male registrants than females. Compared to the status quo, polling station days assigned

to the localization-only intervention saw 1.38 new female and 1.77 new male registrants. The

difference is statistically significant (p<0.01).31 These numbers translate to around an extra 0.9% of

2013 registered women per polling station day, and an extra 1.1% of men (Table 18).

Finally, localization together with canvassing or SMS increases the difference in the number of

registrations by gender further. Polling station days assigned to the localization plus canvassing

intervention experienced 1.6 more female and 2.0 more male registrants. These numbers translate to

around an extra 0.9% of 2013 registered women per polling station day, and an extra 1.2% for men.

Combining localization with reminders via SMS, compared to the status quo, leads to an increase

in registrations of 2.2 more women and 2.4 more men per polling station per day; or 1.4% more

women of 2013 registered women and 2.6% more men of 2013 registered men. These magnitudes

are substantively and statistically significant (p<0.01).

The right two panels of Figure 2 show results by age group. Tabular results can be found in

appendix Table 17. We follow our pre-analysis plan and code youth as those between 18 and 35

years old, which is the definition generally accepted in the Kenyan context.32

31Result is based on the same regression as Figure 2 but where the dependent variable is the difference in the number
of men and women registered per polling station day.

32As a robustness check, and following our pre-analysis plan, we also code youth as those between 18 and 25 years
old. The results are presented in columns 3 and 4 of Table 17. Results are substantively similar.
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Figure 2: Results by Gender and Age Group
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Note: Clustered robust standard errors included. Bars indicate 95% confidence intervals.

In polling stations assigned to the status quo, an average of 0.036 young and 0.008 old

individuals were registered per day during the study period (Table 17). We find that these numbers

are similar in polling stations that were assigned to SMS reminders. In contrast, polling stations days

assigned to canvassing experienced 0.05 more young and 0.01 more older individuals registering.

Although the confidence intervals are bounded away from zero, the magnitudes and difference by

age group are small. Similary, when the outcome is measured as a percentage of registered voters

at a polling station in 2013, these effects are no longer statistically significant (Table 18).

Age groups do respond differently to localization. Figure 2 shows that particularly young in-

dividuals respond to decreasing the distance to registration. Specifically, while polling station days

assigned to the localization intervention experienced only 0.75 more older individuals registering,

these same polling stations saw 2.39 more young individuals registering (difference: p<0.01).33

These numbers translate to around an extra 0.4% of 2013 registered old individuals per polling

station day, and an extra 2.4% of young individuals (Table 18).

33Result is based on the same regression as Figure 2 but where the dependent variable is the difference in the number
of older and younger citizens registered per polling station day.
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Finally, Figure 2 shows that localization combined with information or reminders is especially

effective at registering young people. Localization plus canvassing leads to an extra 2.82 young

and 0.78 older citizens registering per polling station day. When localization efforts are combined

with reminders via SMS, these effects increase to 3.60 and 1.01. Compared to the number of young

citizens and older citizens registered in 2013, these effects translate to increases of 5.4% and 0.6%,

respectively. The magnitude of the effect for young individuals, plus the difference with the effect

for older people, is thus substantially large.

In sum, reducing registration costs differentially improves registration among young Kenyans

relative to older Kenyans. What may drive this result? One mechanism is that older people may

simply have had already more opportunities to register to vote. If so, we would expect the effects

of the interventions to decrease in strength the older the individuals under study. To test this claim,

we break our data into five year age groups and re-estimate the results present in panel 3 and 4 of

Figure 2. Figure 3 shows that the strongest effect of the interventions are for young people recently

reaching voting age. We find a consistent decrease in the effect of the interventions the older a

citizens becomes.34

4 Discussion and Conclusion

In partnership with the Independent Electoral and Boundaries Commission of Kenya, we im-

plemented a field experiment in 1,674 polling stations to investigate whether and what costs to

voter registration hinder voter registration. While we find little to no effect related to canvassing

or SMS, decreasing the distance between citizens and registration opportunities had a strong,

positive impact on registration rates, especially when combined with in-person canvassing and

SMS reminders. These effects are particularly strong in poorer and more population sparse areas,

and for men and youth.

To what extent do the results from this study generalize beyond the area under study?

34This trend continues when we increase the number of age groups to one hundred years old.
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Figure 3: Results by Five Year Age Groups
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Note: Clustered, robust standard errors included. Bars indicate 95% confidence intervals.

Although our sample of polling stations within each county is random, the selection of counties

is not. Perhaps our sample is very different from other places in Kenya. Figure 7 in the appendix

compares the national distribution of poverty and population density with that of our sampled

polling stations.35 Two clear differences exist in overlap between these variables. Our sample largely

excludes the extremes of population density. This is an artefact of our design: the highest density

places (Nairobi and Mombasa) were excluded from our sample, as were the most sparse areas,

given that their relatively low total population would have rendered localization prohibitively

expensive. These exclusions percolate to the poverty data, where we see that the lowest poverty

areas (e.g., <20% poverty rate) and the very highest (>90%) are also excluded from our sample. This

is precisely because these extremes tend to live in the excluded major urban areas or the sparsely

populated counties of Kenya’s Northeast. That said, our sample does overlap with the vast majority

of the national distributions, suggesting that the contexts in which we carried out the experiment

are similar to other parts of the country. Localization functions best in poorer areas, suggesting

35We do not have data on the locations of the constituency offices in constituencies not included in our study. Thus, we
do not present sample-to-population comparisons to our third blocking variable, distance to the constituency election
office.
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that scaling-up the policy may lead to even greater registration gains in poorer areas, though this

is clearly an extrapolation. Do our results replicate beyond Kenya? We have little leverage over

this question, though the contex of our study is similar to other developing countries on some key

dimensions. Moreover, the broad pattern of effects – ordering and sign – are strikingly similar

across many different ways of cutting the data – by context or by individual characteristics. This

consistency suggests that the general effects function similarly in different environments within

Kenya. Whether or not they replicate in other developing country contexts is left to future research.

What are the implications of the results discussed above for political inequalities? The block-

specific results suggest that status quo voter registration procedures may exclude some of the

poorest citizens and those living in population sparse areas, given the increased uptake seen in

those blocks. Implementing a localization intervention like the one explored here may help remedy

that situation. Suppose that the IEBC implemented a localization policy like the one tested, ensuring

each polling station was visited at least twice per year, or eight times between general elections.

Combined with SMS, each visit would yield an additional 4.7 registered voters on average (1.1%

percent of median 2013 registered voters in included polling stations), or an additional 9 voters

from poorer polling stations (2% percent of 2013 registered voters). Across the 1,674 polling stations

in our study, 17.5% of new registrations would come from the poorest 10% of polling stations.

Although direct comparison with other studies is difficult due to differences in design and unit of

analysis, the magnitude of the gains reported here are similar to Nickerson (2015) (2.2% increase per

visit per street). Related to political inequalities by individuals characteristics, we found that the

interventions improved registration uptake especially among men, not women. One reason for this

may have to do with daily division of labor, making it difficult for women to leave the household

or field during the day. If this is true, then future interventions may focus on house-to-house

registration efforts or targeting voters early in the morning or after the workday, bridging the “last

mile” between the registration opportunity and the target sub-population. Furthermore, since the

intervention mainly benefits younger citizens, repeated visits to a polling station would not erode

registration gains, as each visit would capture new voting age cohorts.

Finally, we raise two practical implications for electoral administration. First, we briefly
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highlight the cost effectiveness of the interventions. Related to decreasing the cost to registration,

an average cost of $25 per localization day translates into a cost per registration of $8.33 (average)

or $3.57 (highest poverty block). This compares favorably to status quo costs per registered voter of

US$13.74 in an election year, with non-election years significantly higher due to lower registration

numbers but identical fixed costs (IREC 2008, 44). Adding SMS to localization would improve this

cost comparison, given the relative effectiveness and low cost of SMS bulk messaging relative to

canvassing,36 bringing the electoral commission’s registration costs well within sustainable per

registration cost targets (IFES 2005, 173).37 Moreover, our costs estimates assume the hiring of

additional IEBC personnel; actual implementation could use existing local employees to carry out

regular localization, driving costs even lower.

A second practical implication for the electoral commissions and the donor community

concerns funding. The kind of targeted voter registration interventions piloted in this study

require consistent funding to allow a regular localization. While such funds may be available

during an election year – when donors heavily fund electoral commissions – experience suggests

that such funding dries up between elections. The IEBC’s 2015-2020 strategic plan projects that

government (donor) funding in the two years after an election is approximately 29% (9%) of the

two years leading up to an election, leaving little budget to consistently localize registration. If

donors and governments are interested in expanding the coverage and inclusiveness of registration,

then providing consistent funding for local voter registration efforts represents low hanging fruit.

Additionally, electoral commissions may currently over-budget for voter education. In a post-

election year, IEBC budgets are more than twice the amount for voter education than registration.

This study, however, shows that voter education activities like canvassing do little to improve

participation in the absence of reducing the costs of registration.

36For the cost of one canvasser sent to a polling station, we could send over 2000 SMS, which would cover almost four
average sized polling stations.

37In addition, our cost estimates are likely an upper bound, given that our intention-to-treat analysis probably
underestimates the actual effect of localization.
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A County Selection and Treatment Assignment

A.1 County Selection

The study took place in seven of Kenya’s 47 counties: Bungoma, Kwale, Kisumu, Nyamira,

Nyandarua, Kericho, and Makueni. The selection of these counties took place in two steps. First,

we choose counties that have polling stations that are similar across three characteristics: poverty;

distance from the registration office; and population density. Specifically, we use a covariance

matrix to select counties that are similar on these three characteristics. This matrix is created with

“covarMat.R”, and we select six counties that have a cosine-distance higher than 0.9. We measure

these variables in the following way:

1. Poverty The percentage of people below the poverty line at that polling station, average

across county. Information on the local poverty rates for each polling station comes from

http://www.worldpop.org. The data is at a high geographic resolution. We used a Voronoi

diagram to measure a polling station’s level of poverty.

2. Distance to registration office Normally, citizens register at the registration office. Each con-

stituency has one registration office. We obtained information from the IEBC about all polling

station locations. From this we create a distance indicator between the polling station and the

registration office based on three measures: 1) kilometer distance as the bird flies, 2) kilometer

walking distance from Googlemaps, and 3) kilometer driving distance from Googlemaps.

3. Population density Measures as the population density within a 500 meter radius around a

polling station. Datasource: http://www.worldpop.org.

Information about poverty, distance and population density for each county is listed in Table

1.

Second, conditional on being sufficiently similar, we selected seven counties based upon

their support for the government. Specifically, we choose two pro-government counties (Kericho,

Nyandarua), three pro-opposition counties (Kisumu, Kwale, Makueni), and two split counties
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(Bungoma, Nyamira). For the county selection we collaborated with the IEBC in order to avoid

perceptions of political bias.

A.2 Polling Station Selection and Assignment to Treatment

The sampling frame is a complete list of the 3,828 polling stations in the selected seven counties.

For all counties except Nyamira, we sampled 42 × 6 = 252 polling stations to be part of our study.

Given the higher population density of Nyamira County (and thus higher spatial density of polling

stations), we only sampled 27 × 6 = 162, in order to maintain sufficient distance between treated

polling stations to minimize spillovers. The study thus targets a total of 1,674 polling stations across

seven counties in Kenya. Our strategy to sample polling stations and assign them to treatment had

three main goals: 1) sample the number of polling stations as indicated above, 2) minimize the

chances of spillovers, and 3) randomly assign the six treatments to polling stations within blocks

that consist out of similar polling stations. We undertook the follow ten steps for each county:

1. We randomly select 1 polling station out of all possible polling stations;

2. Drop those units within 1.5 kilometers distance of the selected polling station;38

3. Randomly select a second polling station among those that are left;

4. Drop those units within 1.5 kilometers distance of this second unit;

5. Etc. Until we’re left with exactly 252 (or 162 for Nyamira) polling stations sampled.

6. From those selection polling stations we create blocks of six that are similar based on the

above three characteristics (poverty, distance and population density), using the technique

discussed in Moore (2012);

7. Subsequently, within each block of six polling stations we assign the six treatments.

8. Conduct steps 1 to 8 a total of 1,000,000 times.

9. Of the 1,000,000 outputs, we choose the one with the best balance on the above set of

covariates.

Two final notes are in order. First, we choose not to do a simple random sample of 252 polling

38We choose 1.5 kilometers because of local conditions.
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stations (or 162 for Nyamiria) because there is only a small probability that we get units where all

selected polling stations are more than 1.5 kilometers apart from each other. Second, we conducted

the ten steps within county, not within constituency (the electoral unit below county). The latter

would have given blocks consisting out of much more diverse polling stations.
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B Data

B.1 Data on Voter Registration

In November and December 2016, our period of intervention, a Kenyan citizen could register to

vote at polling station i in two possible ways. First, they may visit the constituency election office

and ask to be registered to vote at polling station i using the BVR kit at that office during the work

week (continuous voter registration, as discussed in the maintext). Second, if the voter encounters

a localization intervention taking place during the intervention period, the voter may register to

vote at polling station i, regardless of the location of the localized BVR kit. More generally, citizens

register to vote at a given polling station in the future, but the place where they undertake the

registration process may not be the same as the polling station where they will vote on election day.

The IEBC gave us access to all registration data, including the BVR kit number on which individuals

were registered to vote. Using the project monitoring documents filled out by IEBC staff at the

constituency level (discussed in the next subsection), we can identify where an individual was

registered.

B.2 Project Monitoring Data

In addition to the voter registration records, we collected data during project implementation.

Specifically, a number of forms were kept up to date by IEBC’s constituency election officials:

• IEBC Staff Information Form This form includes information about characteristics of IEBC staff

in each ward. These data include: age, gender, education, and whether the staff had previous

experience with canvassing activities.

• Monitoring Form This form records progress of implementation. Information recorded in-

cludes what day the treatments were actually implemented, which IEBC staff implemented

which treatments where, the unique BVR kit ID code, and any additional remarks related to

implemented in that polling station.
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• Kit CEO ID Form For all voter registration activities taking place during this research project,

we need to know which BVR kit was used in which polling station and which was used in

the main constituency office. This information allows us to track which voter registration

records are linked to which interventions. We thus carefully collected this information for

both localization in the field and the main constituency office where voters can always register.

In addition to the kits that will be in the field (on the Monitoring Form), there will also be kits

at the main office, at which voters may register. In this form we record the BVR kit number

that is used in the IEBC office.
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C Spatial Distribution of Counties

Figure 4 highlights the location of the seven counties included in the field experiment: Bungoma,

Kericho, Kisumu, Kwale, Makueni, Nyamira, and Nyandarua.

Figure 4: Counties Included in Field Experiment
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D Example of Polling Station Sample Distribution

Figure 5 presents an example of the spatial distribution of polling station treatments for one con-

stituency: Kinango constituency in Kwale county. In total our field experiment was implemented in

41 constituencies across seven counties. Randomization ensured a 1.5 kilometer distance between

treated polling stations.

Figure 5: Kinango Constituency, Kwale County
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E Details Canvassing Treatment

This section provides additional information about the canvassing intervention. Trained IEBC

staff were instructed to report to a given polling station area, and canvass the area with two

purposes in mind. First, IEBC staff provided basic education on the voter registration process,

as well as discussed the reasons for registration, and answering any questions a citizen might

have. Second, IEBC staff provided information on the practicalities of voter registration. If a

localization intervention were happening in tandem with the canvassing, then the IEBC staff

informed citizens where the localization was occurring, and which dates the IEBC would be

present. In case citizens could not register the two days of the localization period, or the absence of

the localization intervention, the IEBC staff directed citizens to the nearest registration office during

weekday business hours. The training manual used for voter registration assistant training can be

found at the IEBC website.39

39https://www.iebc.or.ke/uploads/resources/pdQMe3WKeV.pdf. Accessed: February 14, 2018.
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F Poverty, Population Density, and Distance from Registration Oppor-

tunity

Figure 6 provides some perspective on the variation present in poverty, distance, and population

density at polling stations in Kenya that are included in this study. The horizontal axis reports

distance from each polling station to the constituency election office, the vertical axis reports the

poverty rate around that polling station, and darker polling stations represent higher population

densities. Two interesting patterns arise. First, polling stations in more urban settings (i.e., points

marked with larger circles, meaning higher population density) tend to be located closer to the

constituency election office. This follows intuition: since these offices are located in cities and

towns, more urban polling stations will tend to be located closer to them. Second, polling stations

located further away from the constituency election office tend to be poorer than those nearby. This

covariation between poverty and distance compounds the problems to equal electoral participation

in Kenya: poorer citizens must travel a longer (and thus more costly) distance in order to register

to vote.
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Figure 6: Distribution of Distance, Poverty, and Population Density
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G Balance

The analyses in this paper rely on randomization, which guarantees that the treatment and control

areas are similar in expectation. In practice, however, it is possible for them to differ simply by

virtue of unlucky draws. To test this, we compare the different treatment conditions across 19

variables:

• Poverty See Section A.

• Population Density See Section A.

• Distance See Section A.

• Nighttime Lights Version 4 DMSP-OLS Nighttime Lights Time Series, 2013, average stable

lights. Source: https://ngdc.noaa.gov/eog/dmsp/downloadV4composites.html.

• Terrain Derived from SRTM DEM using raster package in R.

• Slope Derived from SRTM DEM using raster package in R.

• Elevation SRTM elevation data. Source: https://www2.jpl.nasa.gov/srtm/

• Health The probability of skilled birth attendance (SBA) during delivery. Source: http://www.

worldpop.org.

• Dependency Ratio Sub-national dependency ratios. The ratio of dependents (both young, 0 to

14, and old, 65+) upon the working age population. Source: http://www.worldpop.org.

• Literacy Proportion of women aged 15-49 classed as literate in 2008. Source: http://www.

worldpop.org.

• Mean Age Age of individuals that were registered to voter in the 2013 elections. Source: IEBC

data.

• SD Age Standard deviation of age of individuals that were registered to voter in the 2013

elections. Source: IEBC data.
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• Mean Pct. Youth Share of youth (individuals younger than 35 years old) that were registered

to vote in the 2013 elections. Source: IEBC data.

• Mean Pct. Female Share of women that were registered to vote in the 2013 elections. Source:

IEBC data.

• Votes Cast Total number of votes cast during the 2013 elections. Source: IEBC data.

• Kenyatta VS Share of votes cast for Kenyatta during the 2013 elections. Source: IEBC data.

• Odinga VS Share of votes cast for Odinga during the 2013 elections. Source: IEBC data.

• Turnout Percent of registered voters who voted in the 2013 elections. Source: IEBC data.

Table 4 contains covariates stored as a raster extracted from a 500 meter radius of the polling

station. Table 5 contains covariates relating to the 2013 elections. Columns 1 and 2 in both tables,

state the intervention groups being compared. In total there are 15 comparisons between all com-

binations of treatment groups. The remaining columns present bootstrapped Kolgorov-Smirnoff

statistic p-values (Sekhon (2011)), comparing the distributions of covariates across interventions

groups. The p-values suggest that our samples are well-balanced, which is consistent with what is

to be expected given the random assignment.
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Table 4: Kolgorov-Smirnoff Balance Tests: Spatial Covariates
Group 1 Group 2 Poverty Pop. Dens. Distance Lights Terrain Slope Elev. Health Dep. Ratio Literacy
Canvass Control 1.00 1.00 1.00 0.17 0.66 0.67 0.91 0.46 1.00 0.73
SMS Control 1.00 0.95 0.98 0.44 0.73 0.66 0.99 0.86 0.94 0.73
Local Control 0.99 0.99 0.95 0.90 0.86 0.86 0.66 0.95 0.99 0.91
Loc.+Canv. Control 1.00 0.86 0.92 0.81 0.66 0.60 0.86 0.67 1.00 0.80
Loc.+SMS Control 0.98 0.99 0.98 0.73 0.98 0.95 0.99 0.72 0.90 0.81
SMS Canvass 0.98 0.95 0.98 0.64 0.96 0.98 0.98 0.66 0.94 0.17
Local Canvass 0.99 0.98 0.91 0.55 0.80 0.66 0.73 0.39 0.94 0.60
Loc.+Canv. Canvass 0.95 0.73 0.99 0.56 0.95 0.92 0.98 0.80 1.00 0.24
Loc.+SMS Canvass 0.95 0.98 0.96 0.13 0.40 0.34 0.91 0.34 0.99 0.40
Local SMS 0.99 0.96 0.95 0.59 0.59 0.46 0.95 0.66 0.97 0.92
Loc.+Canv. SMS 0.91 0.98 0.98 0.87 0.92 0.87 0.91 0.17 0.96 0.98
Loc.+SMS SMS 0.98 0.86 0.99 0.20 0.73 0.67 0.98 0.95 0.94 0.65
Loc.+Canv. Local 0.95 0.87 0.91 0.94 0.91 0.86 0.87 0.60 1.00 0.91
Loc.+SMS Local 0.95 0.74 0.96 0.72 0.81 0.87 0.98 0.52 0.79 0.80
Loc.+SMS Loc.+Canv. 0.95 0.91 0.98 0.44 0.92 0.92 0.91 0.09 0.85 0.98
Note: Columns 1 and 2 state the intervention groups being compared. Remaining columns present bootstrapped KS statistic
p-values, comparing the distributions of covariates across treatment arms.
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Table 5: Kolgorov-Smirnoff Balance Tests: 2013 Election-Related Covariates
Group 1 Group 2 Mean age SD age Pct. Youth Pct. Female Votes Cast Kenyatta VS Odinga VS Turnout Reg. Voters
Canvass Control 0.97 0.86 0.61 0.56 0.24 0.81 0.94 0.68 0.17
SMS Control 0.82 0.43 0.70 0.88 0.97 0.83 0.87 0.24 0.80
Local Control 0.98 0.97 0.60 0.95 0.71 0.92 0.98 0.66 0.78
Loc.+Canv. Control 0.93 0.39 0.84 0.08 0.13 0.88 0.84 0.52 0.10
Loc.+SMS Control 0.79 0.96 0.95 0.09 0.68 0.98 0.95 0.69 0.81
SMS Canvass 0.89 0.40 0.64 0.87 0.41 0.73 0.61 0.75 0.33
Local Canvass 0.84 0.94 0.96 0.56 0.30 0.95 0.96 0.98 0.61
Loc.+Canv. Canvass 0.81 0.12 0.87 0.21 0.77 0.94 0.78 0.84 0.52
Loc.+SMS Canvass 0.78 0.85 0.82 0.65 0.38 0.79 0.99 0.85 0.25
Local SMS 0.86 0.74 0.59 0.91 0.76 0.89 0.81 0.93 0.33
Loc.+Canv. SMS 0.77 0.74 0.77 0.11 0.11 0.45 0.76 0.51 0.01
Loc.+SMS SMS 0.97 0.62 0.84 0.28 0.38 0.97 0.75 0.74 0.40
Loc.+Canv. Local 0.99 0.35 0.84 0.27 0.25 0.96 0.89 0.90 0.59
Loc.+SMS Local 0.84 0.87 0.81 0.27 0.44 0.97 0.98 0.68 0.27
Loc.+SMS Loc.+Canv. 0.96 0.30 0.97 0.34 0.26 0.59 0.74 0.50 0.36
Note: Columns 1 and 2 state the intervention groups being compared. Remaining columns present bootstrapped KS statistic p-values,
comparing the distributions of covariates across treatment arms.
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H Robustness Main Results

H.1 Main Results Same Treatment Length

Table 6 reproduces Table 3, where we define the treatment period as the two days intervention plus

the ten subsequent days for all treatments.

Table 6: Main Results: All Interventions Plus Ten Days

Registration Counts Reg. Counts over Registered Voters

(1) (2) (3) (4) (5) (6)

Canvassing effect 0.054∗∗∗ 0.063∗∗∗ 0.056∗∗∗ 0.0002∗∗ 0.0003∗∗ 0.0002∗∗

(0.018) (0.018) (0.019) (0.0001) (0.0001) (0.0001)
SMS effect 0.002 −0.0004 0.003 −0.00001 −0.00001 −0.00001

(0.008) (0.010) (0.010) (0.00002) (0.00003) (0.00003)
Localization effect 0.725∗∗∗ 0.724∗∗∗ 0.727∗∗∗ 0.002∗∗∗ 0.002∗∗∗ 0.002∗∗∗

(0.070) (0.071) (0.066) (0.0004) (0.0004) (0.0004)
Localization+Canvassing effect 0.867∗∗∗ 0.879∗∗∗ 0.869∗∗∗ 0.003∗∗∗ 0.003∗∗∗ 0.003∗∗∗

(0.065) (0.066) (0.061) (0.0002) (0.0002) (0.0002)
Localization+SMS effect 1.059∗∗∗ 1.060∗∗∗ 1.061∗∗∗ 0.003∗∗∗ 0.003∗∗∗ 0.003∗∗∗

(0.088) (0.089) (0.084) (0.0004) (0.0004) (0.0004)

Status quo average 0.042 0.042 0.042 7.8e-05 7.8e-05 7.8e-05
Block FE No Yes Yes No Yes Yes
Polling Station FE No Yes Yes No Yes Yes
Day FE No Yes Yes No Yes Yes
Controls No No Yes No No Yes
Pre-registered No Yes No No Yes No
Observations 66,960 66,960 66,960 66,720 66,720 66,720
R2 0.047 0.080 0.058 0.027 0.066 0.038

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For all interventions,
treatment are those two days at which the intervention took place plus the ten following days. The remaining
days plus polling station days assigned to the control areas, are status quo.
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H.2 Main Results By Five-Day Span

Table 7 reproduces Table 3 but with a five day span. That is, we define the treatment period as

those two days at which the treatment took place for those treatments that involve localization, and

those two days at which the treatment took place plus the five following days for canvassing-only

and SMS-only areas.

Table 7: Main Results: Five Day Span

Registration Counts Reg. Counts over Registered Voters

(1) (2) (3) (4) (5) (6)

Canvassing effect 0.077∗∗∗ 0.082∗∗∗ 0.077∗∗∗ 0.0003∗ 0.0003∗ 0.0003∗

(0.028) (0.029) (0.029) (0.0002) (0.0002) (0.0002)
SMS effect 0.003 0.001 0.003 −0.00001 −0.00001 −0.00001

(0.012) (0.012) (0.012) (0.00003) (0.00003) (0.00004)
Localization effect 3.147∗∗∗ 3.141∗∗∗ 3.145∗∗∗ 0.010∗∗∗ 0.010∗∗∗ 0.010∗∗∗

(0.301) (0.305) (0.305) (0.002) (0.002) (0.002)
Localization+Canvassing effect 3.603∗∗∗ 3.599∗∗∗ 3.599∗∗∗ 0.011∗∗∗ 0.011∗∗∗ 0.011∗∗∗

(0.263) (0.266) (0.266) (0.001) (0.001) (0.001)
Localization+SMS effect 4.674∗∗∗ 4.670∗∗∗ 4.671∗∗∗ 0.014∗∗∗ 0.014∗∗∗ 0.014∗∗∗

(0.387) (0.391) (0.391) (0.002) (0.002) (0.002)

Status quo average 0.044 0.044 0.044 8.1e-05 8.1e-05 8.1e-05
Block FE No Yes Yes No Yes Yes
Polling Station FE No Yes Yes No Yes Yes
Day FE No Yes Yes No Yes Yes
Controls No No Yes No No Yes
Pre-registered No Yes No No Yes No
Observations 66,960 66,960 66,960 66,720 66,720 66,720
R2 0.219 0.251 0.229 0.128 0.166 0.139

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For Localization,
Localization+Canvassing and Localization+SMS, treatment are the two days at which the intervention took
place. For Canvassing-only and SMS-only, treatment are those two days at which the intervention took place
plus the five following days. The remaining days plus polling station days assigned to the control areas, are
status quo.

Table 8 reproduces Table 6 where we define the treatment period as the two days intervention

plus the five subsequent days for all treatments.
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Table 8: Main results: All Interventions Plus Ten Days

Registration Counts Reg. Counts over Registered Voters

(1) (2) (3) (4) (5) (6)

Canvassing effect 0.079∗∗∗ 0.082∗∗∗ 0.079∗∗∗ 0.0003∗ 0.0003∗ 0.0003∗

(0.028) (0.029) (0.029) (0.0002) (0.0002) (0.0002)
SMS effect 0.005 0.001 0.005 −0.00000 −0.00001 −0.00000

(0.012) (0.012) (0.013) (0.00003) (0.00003) (0.00004)
Localization effect 1.295∗∗∗ 1.294∗∗∗ 1.295∗∗∗ 0.004∗∗∗ 0.004∗∗∗ 0.004∗∗∗

(0.122) (0.124) (0.118) (0.001) (0.001) (0.001)
Localization+Canvassing effect 1.512∗∗∗ 1.519∗∗∗ 1.512∗∗∗ 0.004∗∗∗ 0.004∗∗∗ 0.004∗∗∗

(0.112) (0.114) (0.109) (0.0004) (0.0004) (0.0004)
Localization+SMS effect 1.868∗∗∗ 1.865∗∗∗ 1.868∗∗∗ 0.005∗∗∗ 0.005∗∗∗ 0.005∗∗∗

(0.155) (0.156) (0.151) (0.001) (0.001) (0.001)

Status quo average 0.042 0.042 0.042 7.8e-05 7.8e-05 7.8e-05
Block FE No Yes Yes No Yes Yes
Polling Station FE No Yes Yes No Yes Yes
Day FE No Yes Yes No Yes Yes
Controls No No Yes No No Yes
Pre-registered No Yes No No Yes No
Observations 66,960 66,960 66,960 66,720 66,720 66,720
R2 0.088 0.120 0.098 0.051 0.089 0.062

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For all interventions,
treatment are those two days at which the intervention took place plus the five following days. The remaining
days plus polling station days assigned to the control areas, are status quo.
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H.3 Main Results with Weights

Finally, Table 9 reproduces Table 3 using inverse probability weights. We take account of the fact

that different polling stations had different propensities of being part of the study depending on

their location. Specifically, we randomly selected polling stations in each of the seven counties

in the study, ensuring that no two treated polling stations fell within 1.5 kilometers of each other

(Table 1). This design feature guarded against spatial spillovers. As a result, however, polling

stations did not have an equal probability of inclusion in the study. For instance, polling stations

in densly populated areas or located near other polling stations were less likely to be selected. To

adjust the sample to make population inferences, we weight each observation by the inverse of the

inclusion probability for the polling station, which was estimated via 100,000 simulations of our

sampling procedure. Table 9 presents the estimated population average treatment effects, which

are again substantively similar to our main results.

Table 9: Impact of Interventions on Voter Registration

Registration Counts Reg. Counts over Registered Voters

(1) (2) (3) (4) (5) (6)

Canvassing effect 0.048∗∗∗ 0.056∗∗∗ 0.048∗∗∗ 0.0002∗ 0.0003∗∗ 0.0002∗

(0.017) (0.017) (0.017) (0.0001) (0.0001) (0.0001)
SMS effect −0.001 −0.004 −0.004 −0.00001 −0.00002 −0.00002

(0.009) (0.011) (0.010) (0.00002) (0.00003) (0.00003)
Localization effect 2.915∗∗∗ 2.908∗∗∗ 2.909∗∗∗ 0.010∗∗∗ 0.010∗∗∗ 0.010∗∗∗

(0.266) (0.270) (0.264) (0.002) (0.002) (0.002)
Localization+Canvassing effect 3.589∗∗∗ 3.585∗∗∗ 3.584∗∗∗ 0.011∗∗∗ 0.011∗∗∗ 0.011∗∗∗

(0.262) (0.265) (0.259) (0.001) (0.001) (0.001)
Localization+SMS effect 4.066∗∗∗ 4.061∗∗∗ 4.065∗∗∗ 0.012∗∗∗ 0.012∗∗∗ 0.012∗∗∗

(0.313) (0.316) (0.310) (0.001) (0.001) (0.001)

Status quo average 0.044 0.044 0.044 8.1e-05 8.1e-05 8.1e-05
Block FE No Yes Yes No Yes Yes
Polling Station FE No Yes Yes No Yes Yes
Day FE No Yes Yes No Yes Yes
Controls No No Yes No No Yes
Pre-registered No Yes No No Yes No
Observations 66,960 66,960 66,960 66,720 66,720 66,720
R2 0.227 0.258 0.236 0.131 0.169 0.142
∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. Observations weighted by
inverse of inclusion probability. For Localization, Localization+Canvassing and Localization+SMS, treatment
are the two days at which the intervention took place. For Canvassing-only and SMS-only, treatment are
those two days at which the intervention took place plus the ten following days. The remaining days plus
polling station days assigned to the control areas, are status quo.
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H.4 Aggregated Results

Table 10 presents the main results aggregated to the polling station level.

Table 10: Main Results: Aggegrated by Polling Station

Registration Counts Reg. Counts over Registered Voters

(1) (2) (3) (4) (5) (6)

Canvassing effect 0.254 0.254 0.218 0.001 0.001 0.001
(0.714) (0.777) (0.715) (0.003) (0.003) (0.003)

SMS effect 0.133 0.133 0.094 −0.0001 −0.0002 −0.0002
(0.714) (0.777) (0.715) (0.003) (0.003) (0.003)

Localization effect 6.487∗∗∗ 6.487∗∗∗ 6.480∗∗∗ 0.021∗∗∗ 0.021∗∗∗ 0.021∗∗∗

(0.714) (0.777) (0.714) (0.003) (0.003) (0.003)
Localization+Canvassing effect 7.276∗∗∗ 7.276∗∗∗ 7.240∗∗∗ 0.021∗∗∗ 0.021∗∗∗ 0.021∗∗∗

(0.714) (0.777) (0.715) (0.003) (0.003) (0.003)
Localization+SMS effect 9.441∗∗∗ 9.441∗∗∗ 9.390∗∗∗ 0.027∗∗∗ 0.027∗∗∗ 0.027∗∗∗

(0.714) (0.777) (0.715) (0.003) (0.003) (0.003)

Status quo average 0.043 0.043 0.043 8e-05 8e-05 8e-05
Block FE No Yes Yes No Yes Yes
Controls No No Yes No No Yes
Observations 1,674 1,674 1,674 1,668 1,668 1,668
R2 0.405 0.154 0.405 0.336 0.081 0.338

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01.
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I Results by Block Type in Tabular Form

Tables 11 to 13 present the study’s main result across three characteristics that we expected to be

important factors that moderate the effect of our treatments: poverty, distance to registration office

and population density, respectively.
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Table 11: Impact of Interventions on Voter Registration by Poverty Quantile

Full Sample 25% 31% 36% 39% 42% 44% 46% 48% 52% 62%
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

Canvassing effect 0.052∗∗∗ 0.164∗ 0.005 0.013 0.054 −0.005 0.049 0.058∗∗ 0.068 −0.017 0.204∗

(0.018) (0.091) (0.025) (0.023) (0.052) (0.026) (0.046) (0.026) (0.059) (0.015) (0.111)
SMS effect 0.0005 0.013 −0.062∗ 0.031 0.0002 −0.002 −0.019 0.064 0.015 0.002 −0.067

(0.008) (0.020) (0.035) (0.019) (0.014) (0.016) (0.013) (0.051) (0.025) (0.010) (0.055)
Localization effect 3.148∗∗∗ 1.749∗∗∗ 1.863∗∗∗ 2.789∗∗∗ 1.914∗∗∗ 2.879∗∗ 2.192∗∗∗ 2.580∗∗∗ 3.309∗∗∗ 4.781∗∗∗ 7.343∗∗∗

(0.301) (0.494) (0.438) (0.779) (0.501) (1.208) (0.542) (0.735) (0.883) (1.028) (1.735)
Localization+Canvassing effect 3.603∗∗∗ 2.332∗∗∗ 2.821∗∗∗ 3.748∗∗∗ 3.500∗∗∗ 2.391∗∗∗ 3.427∗∗∗ 3.215∗∗∗ 4.093∗∗∗ 5.713∗∗∗ 4.699∗∗∗

(0.263) (0.564) (0.499) (0.915) (0.770) (0.536) (0.718) (0.549) (0.730) (1.533) (0.870)
Localization+SMS effect 4.675∗∗∗ 4.346∗∗∗ 4.367∗∗∗ 4.003∗∗∗ 2.757∗∗∗ 3.947∗∗∗ 3.955∗∗∗ 3.198∗∗∗ 5.474∗∗∗ 5.586∗∗∗ 9.036∗∗∗

(0.387) (0.875) (0.880) (1.510) (0.768) (0.659) (1.193) (0.631) (1.437) (0.793) (2.218)

Status quo average 0.044 0.018 0.041 0.041 0.041 0.042 0.037 0.04 0.036 0.045 0.098
Reg. voters 2013 542 793 683 658 533 545 497 510 432 407 365
Block FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Polling Station FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Day FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Controls No No No No No No No No No No No
Pre-registered Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 66,960 6,720 6,720 6,720 6,720 6,480 6,720 6,720 6,720 6,720 6,720
R2 0.219 0.345 0.303 0.242 0.162 0.293 0.318 0.350 0.341 0.322 0.263

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For Localization, Localization+Canvassing and Localization+SMS, treatment are
the two days at which the intervention took place. For Canvassing-only and SMS-only, treatment are those two days at which the intervention took place plus the ten
following days. The remaining days plus polling station days assigned to the control areas, are status quo.
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Table 12: Impact of Interventions on Voter Registration by Distance Quantile

Full Sample 5 km 8 km 11 km 14 km 16 km 19 km 22 km 27 km 34 km 53 km
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

Canvassing effect 0.052∗∗∗ 0.027 −0.016 −0.008 0.022 0.111 0.067 0.092 0.055 0.149 0.101
(0.018) (0.039) (0.010) (0.025) (0.022) (0.082) (0.045) (0.067) (0.051) (0.094) (0.077)

SMS effect 0.0005 0.011 0.004 0.011 −0.036 0.002 −0.007 −0.064 −0.013 0.023 0.043
(0.008) (0.019) (0.013) (0.021) (0.041) (0.012) (0.010) (0.051) (0.019) (0.036) (0.045)

Localization effect 3.148∗∗∗ 1.956∗∗∗ 2.399∗∗ 3.039∗∗∗ 2.919∗∗∗ 3.989∗∗∗ 3.163∗∗∗ 2.406∗∗∗ 3.507∗∗∗ 4.149∗∗∗ 3.915∗∗∗

(0.301) (0.460) (0.987) (0.880) (0.637) (1.285) (0.657) (0.775) (0.896) (1.054) (1.508)
Localization+Canvassing effect 3.603∗∗∗ 2.759∗∗∗ 3.029∗∗∗ 2.390∗∗∗ 4.451∗∗∗ 2.627∗∗∗ 4.424∗∗∗ 3.287∗∗∗ 4.312∗∗∗ 3.288∗∗∗ 5.390∗∗∗

(0.263) (0.587) (0.543) (0.640) (0.887) (0.597) (0.855) (0.763) (0.831) (0.691) (1.451)
Localization+SMS effect 4.675∗∗∗ 2.490∗∗∗ 3.054∗∗∗ 4.606∗∗∗ 3.373∗∗∗ 4.139∗∗∗ 4.474∗∗∗ 4.910∗∗∗ 7.431∗∗∗ 7.246∗∗∗ 4.948∗∗∗

(0.387) (0.527) (0.732) (1.292) (0.958) (0.800) (1.177) (1.150) (1.294) (1.987) (1.440)

Status quo average 0.044 0.043 0.039 0.045 0.048 0.037 0.025 0.052 0.057 0.05 0.044
Reg. voters 2013 542 618 610 604 531 598 570 518 466 434 473
Block FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Polling Station FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Day FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Controls No No No No No No No No No No No
Pre-registered Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 66,960 6,720 6,720 6,720 6,720 6,480 6,720 6,720 6,720 6,720 6,720
R2 0.219 0.325 0.249 0.271 0.294 0.247 0.362 0.245 0.284 0.237 0.258

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For Localization, Localization+Canvassing and Localization+SMS, treatment are
the two days at which the intervention took place. For Canvassing-only and SMS-only, treatment are those two days at which the intervention took place plus the ten
following days. The remaining days plus polling station days assigned to the control areas, are status quo.
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Table 13: Impact of Interventions on Voter Registration by Density Quantile

Full Sample 0.3km2 0.6km2 0.8km2 1.1km2 1.4km2 1.7km2 2.2km2 2.6km2 3.3km2 7.1km2
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

Canvassing effect 0.052∗∗∗ 0.087 0.105 0.003 0.006 0.223∗∗ 0.011 0.024 0.031 −0.002 0.116∗

(0.018) (0.071) (0.092) (0.012) (0.011) (0.109) (0.020) (0.018) (0.040) (0.025) (0.065)
SMS effect 0.0005 −0.045 0.025 0.012 0.011 −0.018 0.004 −0.025∗∗ −0.013 0.002 0.018

(0.008) (0.051) (0.050) (0.017) (0.022) (0.044) (0.020) (0.012) (0.017) (0.018) (0.022)
Localization effect 3.148∗∗∗ 6.707∗∗∗ 4.074∗∗∗ 3.291∗∗∗ 3.417∗∗∗ 3.037∗∗∗ 3.088∗∗∗ 1.583∗∗∗ 3.004∗∗∗ 1.718∗∗∗ 1.485∗∗∗

(0.301) (1.583) (1.559) (0.847) (1.026) (0.735) (0.811) (0.366) (0.510) (0.403) (0.340)
Localization+Canvassing effect 3.603∗∗∗ 6.736∗∗∗ 3.139∗∗∗ 4.263∗∗∗ 3.778∗∗∗ 3.569∗∗∗ 2.188∗∗∗ 4.768∗∗∗ 2.417∗∗∗ 2.443∗∗∗ 2.674∗∗∗

(0.263) (1.475) (0.776) (0.872) (0.841) (0.771) (0.469) (0.739) (0.497) (0.563) (0.551)
Localization+SMS effect 4.675∗∗∗ 8.627∗∗∗ 4.421∗∗∗ 6.800∗∗∗ 4.555∗∗∗ 4.650∗∗∗ 2.926∗∗∗ 5.120∗∗∗ 3.280∗∗∗ 3.819∗∗∗ 2.512∗∗∗

(0.387) (1.652) (1.002) (2.094) (1.385) (1.186) (0.689) (0.988) (0.606) (0.720) (0.685)

Status quo average 0.044 0.066 0.05 0.025 0.05 0.048 0.046 0.026 0.031 0.048 0.051
Reg. voters 2013 542 295 406 448 511 576 516 546 575 644 910
Block FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Polling Station FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Day FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Controls No No No No No No No No No No No
Pre-registered Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 66,960 6,720 6,720 6,720 6,720 6,480 6,720 6,720 6,720 6,720 6,720
R2 0.219 0.312 0.235 0.301 0.188 0.289 0.197 0.456 0.398 0.341 0.251

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For Localization, Localization+Canvassing and Localization+SMS, treatment are
the two days at which the intervention took place. For Canvassing-only and SMS-only, treatment are those two days at which the intervention took place plus the ten
following days. The remaining days plus polling station days assigned to the control areas, are status quo.
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I.1 Results by Block Type in Tabular Form. Divided by Registered Voters

Table 14 to 16 reproduces Tables 11 to 13, where we divide the number of newly registered voters

by the number of registered voters in 2013.
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Table 14: Impact of Interventions on Voter Registration by Poverty Quantile. Divided by Registered Voters

Full Sample 25% 31% 36% 39% 42% 44% 46% 48% 52% 62%
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

Canvassing effect 0.0002∗∗ 0.0003∗ 0.00002 −0.00001 0.0001 −0.00001 0.0002 0.0001∗∗ 0.0003 −0.00005 0.002∗

(0.0001) (0.0002) (0.00005) (0.00004) (0.0001) (0.0001) (0.0001) (0.00004) (0.0002) (0.00004) (0.001)
SMS effect −0.00001 0.00002 −0.0001∗ 0.0001 −0.00001 −0.00001 −0.00002 0.0001 0.00003 0.00002 −0.0003

(0.00002) (0.00002) (0.0001) (0.00005) (0.00003) (0.00003) (0.00003) (0.0001) (0.00005) (0.00004) (0.0002)
Localization effect 0.010∗∗∗ 0.004∗∗∗ 0.004∗∗∗ 0.005∗∗∗ 0.004∗∗∗ 0.018 0.005∗∗∗ 0.006∗∗∗ 0.010∗∗∗ 0.014∗∗∗ 0.030∗∗∗

(0.002) (0.001) (0.001) (0.001) (0.001) (0.013) (0.001) (0.002) (0.003) (0.003) (0.008)
Localization+Canvassing effect 0.011∗∗∗ 0.004∗∗∗ 0.006∗∗∗ 0.009∗∗∗ 0.008∗∗∗ 0.005∗∗∗ 0.010∗∗∗ 0.011∗∗∗ 0.015∗∗∗ 0.015∗∗∗ 0.023∗∗∗

(0.001) (0.001) (0.001) (0.003) (0.002) (0.001) (0.002) (0.003) (0.004) (0.004) (0.005)
Localization+SMS effect 0.014∗∗∗ 0.009∗∗∗ 0.008∗∗∗ 0.009∗∗∗ 0.007∗∗∗ 0.009∗∗∗ 0.013∗∗ 0.010∗∗ 0.015∗∗∗ 0.015∗∗∗ 0.039∗∗∗

(0.002) (0.002) (0.002) (0.003) (0.002) (0.002) (0.005) (0.004) (0.004) (0.003) (0.013)

Status quo average 0.00011 3e-05 8e-05 8e-05 0.00011 9e-05 7e-05 8e-05 1e-04 0.00012 0.00031
Block FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Polling Station FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Day FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Controls No No No No No No No No No No No
Pre-registered Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 66,720 6,720 6,720 6,640 6,600 6,480 6,680 6,720 6,720 6,720 6,720
R2 0.128 0.272 0.212 0.227 0.116 0.119 0.252 0.227 0.291 0.305 0.241

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For Localization, Localization+Canvassing and Localization+SMS, treatment are
the two days at which the intervention took place. For Canvassing-only and SMS-only, treatment are those two days at which the intervention took place plus the ten
following days. The remaining days plus polling station days assigned to the control areas, are status quo.
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Table 15: Impact of Interventions on Voter Registration by Distance Quantile. Divided by Registered Voters

Full Sample 5 km 8 km 11 km 14 km 16 km 19 km 22 km 27 km 34 km 53 km
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

Canvassing effect 0.0002∗∗ 0.0001 −0.0001∗∗∗ 0.00002 0.0001 0.0001 0.0001 0.001 0.0002 0.0003 0.001
(0.0001) (0.0001) (0.00003) (0.00004) (0.0001) (0.0001) (0.0001) (0.001) (0.0002) (0.0002) (0.001)

SMS effect −0.00001 0.00001 −0.00001 0.00004 −0.0001 −0.00001 −0.00002 −0.0002 −0.00004 −0.00003 0.0001
(0.00002) (0.00003) (0.00003) (0.00005) (0.0001) (0.00003) (0.00003) (0.0002) (0.00004) (0.0001) (0.0001)

Localization effect 0.010∗∗∗ 0.004∗∗∗ 0.011∗∗ 0.006∗∗∗ 0.008∗∗∗ 0.020 0.009∗∗∗ 0.010∗ 0.011∗∗∗ 0.010∗∗∗ 0.013∗∗∗

(0.002) (0.001) (0.005) (0.002) (0.002) (0.013) (0.003) (0.006) (0.003) (0.002) (0.005)
Localization+Canvassing effect 0.011∗∗∗ 0.006∗∗∗ 0.008∗∗∗ 0.010∗∗∗ 0.012∗∗∗ 0.006∗∗∗ 0.011∗∗∗ 0.009∗∗∗ 0.013∗∗∗ 0.012∗∗∗ 0.018∗∗∗

(0.001) (0.002) (0.002) (0.004) (0.003) (0.002) (0.003) (0.002) (0.004) (0.003) (0.004)
Localization+SMS effect 0.014∗∗∗ 0.006∗∗∗ 0.006∗∗∗ 0.010∗∗∗ 0.009∗∗∗ 0.008∗∗∗ 0.007∗∗∗ 0.013∗∗∗ 0.026∗∗∗ 0.033∗∗ 0.015∗∗∗

(0.002) (0.002) (0.001) (0.002) (0.004) (0.001) (0.002) (0.003) (0.006) (0.013) (0.004)

Status quo average 0.00011 3e-05 8e-05 8e-05 0.00011 9e-05 7e-05 8e-05 1e-04 0.00012 0.00031
Block FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Polling Station FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Day FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Controls No No No No No No No No No No No
Pre-registered Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 66,720 6,720 6,680 6,720 6,720 6,480 6,720 6,680 6,640 6,720 6,640
R2 0.128 0.269 0.160 0.219 0.215 0.130 0.290 0.148 0.244 0.200 0.259

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For Localization, Localization+Canvassing and Localization+SMS, treatment are
the two days at which the intervention took place. For Canvassing-only and SMS-only, treatment are those two days at which the intervention took place plus the ten
following days. The remaining days plus polling station days assigned to the control areas, are status quo.
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Table 16: Impact of Interventions on Voter Registration by Density Quantile. Divided by Registered Voters

Full Sample 0.3km2 0.6km2 0.8km2 1.1km2 1.4km2 1.7km2 2.2km2 2.6km2 3.3km2 7.1km2
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

Canvassing effect 0.0002∗∗ 0.001 0.0004 0.0002 0.00001 0.0004∗ 0.0001 0.0001 0.0001 0.00001 0.0002∗

(0.0001) (0.001) (0.0003) (0.0002) (0.00004) (0.0002) (0.0001) (0.0001) (0.0001) (0.0001) (0.0001)
SMS effect −0.00001 −0.0002 0.00004 0.00003 0.00003 −0.0001 −0.00001 −0.00004∗∗ −0.00001 0.00001 0.00001

(0.00002) (0.0002) (0.0002) (0.0001) (0.0001) (0.0001) (0.00004) (0.00002) (0.00002) (0.00004) (0.00002)
Localization effect 0.010∗∗∗ 0.030∗∗∗ 0.024∗ 0.008∗∗∗ 0.008∗∗∗ 0.007∗∗∗ 0.007∗∗∗ 0.004∗∗∗ 0.006∗∗∗ 0.004∗∗∗ 0.002∗∗∗

(0.002) (0.007) (0.014) (0.002) (0.003) (0.001) (0.002) (0.001) (0.001) (0.001) (0.001)
Localization+Canvassing effect 0.011∗∗∗ 0.029∗∗∗ 0.009∗∗∗ 0.012∗∗∗ 0.010∗∗∗ 0.012∗∗∗ 0.007∗∗∗ 0.009∗∗∗ 0.006∗∗∗ 0.005∗∗∗ 0.006∗∗∗

(0.001) (0.005) (0.002) (0.003) (0.002) (0.003) (0.002) (0.002) (0.002) (0.002) (0.002)
Localization+SMS effect 0.014∗∗∗ 0.036∗∗∗ 0.010∗∗∗ 0.029∗∗ 0.012∗∗∗ 0.011∗∗∗ 0.006∗∗∗ 0.011∗∗∗ 0.007∗∗∗ 0.009∗∗∗ 0.003∗∗∗

(0.002) (0.007) (0.003) (0.013) (0.003) (0.003) (0.001) (0.002) (0.002) (0.003) (0.001)

Status quo average 0.00011 0.00023 0.00017 7e-05 0.00014 1e-04 1e-04 5e-05 6e-05 9e-05 5e-05
Block FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Polling Station FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Day FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Controls No No No No No No No No No No No
Pre-registered Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 66,720 6,720 6,720 6,640 6,720 6,480 6,720 6,720 6,720 6,600 6,680
R2 0.128 0.325 0.142 0.198 0.155 0.241 0.244 0.405 0.348 0.246 0.180

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For Localization, Localization+Canvassing and Localization+SMS, treatment are
the two days at which the intervention took place. For Canvassing-only and SMS-only, treatment are those two days at which the intervention took place plus the ten
following days. The remaining days plus polling station days assigned to the control areas, are status quo.
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J Results by Demographic in Tabular Form

Table 17 presents Figure 2 in tabular format, plus the results where we define youth as those

younger than 25 years old (columns 3 to 4).

Table 17: Results by Gender and Age Groups

Women Men Younger25 Older25 Younger35 Older35

(1) (2) (3) (4) (5) (6)

Canvassing effect 0.028∗∗∗ 0.031∗∗∗ 0.035∗∗∗ 0.025∗∗∗ 0.050∗∗∗ 0.010∗∗

(0.011) (0.009) (0.012) (0.008) (0.015) (0.004)
SMS effect −0.003 0.0001 −0.004 0.001 −0.003 0.001

(0.005) (0.006) (0.006) (0.005) (0.008) (0.003)
Localization effect 1.376∗∗∗ 1.765∗∗∗ 1.671∗∗∗ 1.469∗∗∗ 2.394∗∗∗ 0.747∗∗∗

(0.163) (0.160) (0.147) (0.181) (0.218) (0.100)
Localization+Canvassing effect 1.589∗∗∗ 2.010∗∗∗ 2.064∗∗∗ 1.533∗∗∗ 2.819∗∗∗ 0.778∗∗∗

(0.153) (0.135) (0.146) (0.150) (0.200) (0.086)
Localization+SMS effect 2.244∗∗∗ 2.426∗∗∗ 2.484∗∗∗ 2.187∗∗∗ 3.595∗∗∗ 1.076∗∗∗

(0.223) (0.194) (0.185) (0.235) (0.278) (0.131)

Status quo average 0.02 0.024 0.027 0.017 0.036 0.008
Reg. voters 2013 269 270 87 453 230 309
Block FE Yes Yes Yes Yes Yes Yes
Polling Station FE Yes Yes Yes Yes Yes Yes
Day FE Yes Yes Yes Yes Yes Yes
Controls No No No No No No
Pre-registered Yes Yes Yes Yes Yes Yes
Observations 66,960 66,960 66,960 66,960 66,960 66,960
R2 0.188 0.268 0.271 0.179 0.262 0.160

Note: ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01. Clustered, robust standard errors in parentheses. For Localization,
Localization+Canvassing and Localization+SMS, treatment are the two days at which the intervention took
place. For Canvassing-only and SMS-only, treatment are those two days at which the intervention took place
plus the ten following days. The remaining days plus polling station days assigned to the control areas, are
status quo.
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J.1 Results by Demographic in Tabular Form. Divided by Registered Voters

Table 18 reproduces Table 17 where we divide the number of newly registered voters of that type

by the number of registered voters in 2013 of that type.

Table 18: Results by Gender and Age Groups. Divided by Registered Voters

Women Men Younger25 Older25 Younger35 Older35

(1) (2) (3) (4) (5) (6)

Canvassing effect 0.0003 0.0003 0.001∗ 0.0002 0.001 0.0001
(0.0002) (0.001) (0.001) (0.0004) (0.001) (0.0001)

SMS effect −0.00004 0.00001 −0.0002 0.00001 −0.00003 −0.00000
(0.0002) (0.001) (0.001) (0.0004) (0.001) (0.0001)

Localization effect 0.009∗∗∗ 0.011∗∗∗ 0.039∗∗∗ 0.006∗∗∗ 0.020∗∗∗ 0.004∗∗∗

(0.0005) (0.001) (0.001) (0.001) (0.002) (0.0001)
Localization+Canvassing effect 0.009∗∗∗ 0.013∗∗∗ 0.046∗∗∗ 0.006∗∗∗ 0.022∗∗∗ 0.004∗∗∗

(0.0005) (0.001) (0.001) (0.001) (0.002) (0.0001)
Localization+SMS effect 0.014∗∗∗ 0.026∗∗∗ 0.057∗∗∗ 0.019∗∗∗ 0.054∗∗∗ 0.006∗∗∗

(0.0005) (0.001) (0.001) (0.001) (0.002) (0.0001)

Status quo average 0.00017 0.00014 0.00056 7e-05 0.00028 4e-05
Block FE Yes Yes Yes Yes Yes Yes
Polling Station FE Yes Yes Yes Yes Yes Yes
Day FE Yes Yes Yes Yes Yes Yes
Controls No No No No No No
Pre-registered Yes Yes Yes Yes Yes Yes
Observations 66,440 66,520 66,360 66,520 66,520 66,440
R2 0.061 0.046 0.136 0.055 0.057 0.103

Note: Registration counts is divided by registered voters (of that type) in 2013. ∗p<0.1; ∗∗p<0.05; ∗∗∗p<0.01.
Clustered, robust standard errors in parentheses. For Localization, Localization+Canvassing and Local-
ization+SMS, treatment are the two days at which the intervention took place. For Canvassing-only and
SMS-only, treatment are those two days at which the intervention took place plus the ten following days. The
remaining days plus polling station days assigned to the control areas, are status quo.
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K External Validity

Figures 7 shows the joint distribution of poverty (horizontal axis) and logged population density

(vertical axis) for the selected polling stations (white circles) and the full population of polling

stations nationally (gray circles).

Figure 7: Comparison National and Sample Distributions
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